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Research on the Affective Feedback Framework of Computer—Supported

Collaborative Learning

SHAN Mei-xian, SHANGGUAN Chen-yu

(School of Educational Science and Technology , Nanjing University of Posts and Telecommunications, Nanjing 210023, China)

Abstract: The research of affective feedback in computer—supported collaborative learning, which combines affective computing, ma-

chine learning, and learning science research, is devoted to studying how to promote effective collaborative learning and provide affec-

tive support for learners. First, analyze the affective feedback system framework of CSCL, which consists of three parts: affective state

acquisition, affective state analysis, and affective feedback processing. Then, this paper describes the representation of affective state

and analyzes how to use multi-modal emotion recognition technology in CSCL. After that, this article introduces the key technologies of

affective state analysis, which includes text—based sentiment analysis, affective visualization analysis, and interactive behavior analy-

sis. Finally, it analyzes the key technologies of affective feedback processing from affective feedback strategies, affective reasoning

models and related technical support, to provide clear research clues and directions for affective feedback research in computer—sup-

ported collaborative learning.
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Fig. 1 The framework of affective feedback in CSCL
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Fig. 4 LSTM network analyzing the emotional state in collaboration interaction
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Fig.7 POMDP model

(the circle in the dashed frame represents the state that is not ob-

served, the circle in the solid frame represents the observation result,
the square represents the action node,
and the diamond represents the reward node)
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